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Democratizando el Acceso a los Datos:

En AWNS

By Lucas Trubiano

Data Engineer

Experience in Banking & Finance


https://www.linkedin.com/in/lucastrubiano/
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éiPara que queremos

un ecosistema
de datOS ? Technology Makes Experience

Technology Makes
Experience Better

Worse
Open 9-5x5 Open 24x7

Customer Is In Control Of Where

Company Is In Control Of
Interaction Happens

Where Interaction Happens

Customer Repeats Company Knows Information

Information On Every Channel - From Every Channel
Call Center Volume Is High ::‘:_:'g'ﬁ HMessaging Volume

Customer Finds Content Ceontent Finds Customer
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éPara qué queremos

un ecosistema Customers still value speed, but increasingly want empathy and
access to preferred channels

de datos? + soz0 o1

% growth
Quick resolutions +20% 61%. e
I;I;le;::;xsl/empathetic +42% 33%. 47%
24/7 support +12% 42%. 47%
gt -® @
Proactive support +13% 24%. 27%

0% 20% 40% 60% 80%
% of surveyed consumers




éiPara que queremos
un ecosistema
de datos?

Every Minute of Internet

Approximately Around
120 new 36 miillion
users
registered YOS COSE

Around
: Approximately
79,000 pins $4.4 million

0 added in sales

Roughly

319 million
tweets sent 6 0 ‘j
Roughly 48,000 Seconds )

hours of music
streamed.

@ Roughly Around @
404,444 347,222

hours of stories
video posted

watched About
150,000
messages

sent

®

Approximately 500
hours of video
uploaded

Roughly 41.7 miillion
messages sent

www.aloinfotech.in
contact@aloinfotech.in




éPara qué queremos

un ecosistema U.S. Generative Al Market
Size, by Technology, 2020 - 2030 (USD Billion)
de datos?

i IlI

2020 2021 2022 2023 2024 2025 2026 2027 2028 2029 2030

@ Transformers Generative Adversarial Networks (GANS)
Varational Auto-Encoders Diffusion Networks




éPara qué queremos

un ecosistema
de datos?

@S forbes.py

Ganancia de bancos en Paraguay

(enero - julio)

Variacién

2024 interanual
Us$ 101.98475281 14%
US$ 764001679  28%
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Fuente: Banco Central del Paraguay

17.641.330 1304%

s 10.140. 47
US$ 9.887.445 6%
US$ 5.204.328 1%

US$ 3.977.984 49%
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¢ELl Problema e < lex Dot 2 [erketing e

d e .LOS Disconnect among teams Data isn't interoperable Overhead _:" central infra
eams

Sales operations data

Enfoques
Tradicionales? = \\\j@
BUSINESS QUESTION ETL/ELT

e Dependencia de equipos 'm

centralizados. - @ .
How are we doing with

e Retrasos en el acceso a SALES of the product?

los datos. \ © Central repositories
e Problemas de m/

escalabilidad.

Data Amlys‘t builds report




iQué es
Data Mesh?

jen Standards

Domain dataowned &
served by
TS fUCTAOal TEam s New Data Domains can be created
correlating data from other domains
2 540 \ Domain oriented
data served as

g a product for any other
Domain’s internal data pipeline uses. ' domain to use

common self-serve data infra

Data infra engineers é‘

Data Infra as a Platform
storage, pipeline, catalogue, Access control, etc.)




Sus 4 pilares

DATA MESH PRINCIPLES

° Enfoque ) Data /—\- Self-service

descentralizado. Ownership data information
e Equipos

responsables de % premm—

3 ()
sus propios & gj
datos. i —
\ce—

e Datos tratados

como productos.

) Dataas ~_ A Federal

e Gobierno y KPIs a Product —— decision-making

Federados. oG




Data /—

Ownership

%

Data as
a Product

Cada equipo es dueno de sus datos.
Eliminacion de cuellos de botella.

Equipos que mejor conocen sus datos
los gestionan.

Datos de alta calidad y bien
documentados.

Disponibles para otros equipos como
productos consumibles.

Estandares de calidad y mantenimiento.




Self-service

data information e Plataforma autoservicio para todos 1los
equipos.
O e Eliminacion de 1la dependencia de
‘ O equipos centrales.

e Facilita 1la creacion, gestion y
consumo de datos.

e Politicas comunes de seguridad y
calidad.

e Interoperabilidad entre dominios.

e Cumplimiento de normativas de
privacidad y seguridad.

Federal
decision-making
model




Data producers

Member account 1 - Producer

Streaming layer

Amazon MSK

Amazon Kinesis

AWS Glue
ETL

AWS Glue
Data Catalog

AWS Glue
Crawler

Storage layer

‘Amazon S3

AWS Glue
Data Quality

Amazon Redshift

AWS Lake
Formation

. Member account N - Producer

Streaming layer

Amazon MSK

AWS Glue
ETL

Amazon Kinesis

AWS Glue
Data Catalog

AWS Glue
Crawler

Storage layer

Amazon S3

AWS Glue
Data Quality

Amazon Redshift

AWS Lake
Formation

Central governance account

Centralized AWS Glue
Data Catalog
Associate member accounts @
AWS Lake Data access management
Formation

20 N~
oo
g2l i
AWS KMS AWS RAM AWS Secrets Amazon Cognito
Manager
= N~
B {3 U(/,D
A {0}
AWS Systems AWS CloudFormation AWS WAF Amazon API AWS Lambda
Manager Gateway

Parameter Store

Data consumers

Member account 1 - Consumer

Amazon Athena  Amazon Redshift Amazon QuickSight

Amazon SageMaker Amazon Bedrock AWS Glue AWS Lake
Data Catalog Formation

Member account N - Consumer

Analytics and reporting

Amazon Athena  Amazon Redshift Amazon QuickSight

AWS Glue AWS Lake
Data Catalog Formation

Amazon SageMaker Amazon Bedrock
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Data engineering lifecycle ' |

Analytics
Ingestion  Transformation  Serving e )

Generation Iegﬁnilrr:g
e/

Reverse ETL
S

Undercurrents:

Data Data ] Software

[ Security ][management][ DataOps ][architecture] [Orchestration [engineering]




Aplicacion
Backend
Frontend
BBDD

APIs
Scraping

Kinesis

——PySpcwr‘lgz
X dbt

AWS Glue

ETL

47) Airbyte

D ——— Lake

Formation

—

AWS Athena

Ingestion | Transformation

Data engineering lifecycle

Serving

Machine
learning

p—

AWS S3

ICEBERG{J

Reverse ETL

—

/ QuickSight

SageMaker Bedrock

Undercurrents:

[ |

Data

management] [ DataOps ] [

Data
architecture

Apache

Airflow

) Software
]Erchestratlon eneineering\




1. Ingesta

\V4

A\

AWS Glue
ETL
stg_snapshot-global_permissions-daily Last modified on 9/22/2024,12:54:53 AM |  Actions ¥ | | Save | _
Visual Script Job details Runs Data quality Schedules Version Control Data source properties - MySQL by
A Name
- api_globalpermission
l.u.l
; @
Data source - MySQL o Transform - Change Sch... Transform - Dynamic Tra... jet - JDBC source
ol api_globalpermission 1 | :E Change Schema I 1 ><—é> Staging Transform T 1 8 Q per o JDBC connection details
(O Data Catalog table
o
Connection name Info
Choose the AWS Glue connection for your JDBC data source.
MySQL_Prod v c
= I No description available.
Data preview Output schema [= @ I CFeate a donnaction
Data preview (8) info ® | C l [ End session ] | Previewing 6 of 6 fields ] Table name
Look up the name of the table from your JDBC source and enter it here.
Filter sample dataset
Q P ‘ @ [ chestmusic_backend.api_globalpermission
id v | plays v | date_added v | accepted v | from_user_id
2024-09-12 03:33:07.167
15 6 true 6
965
2024-01-17 21:40:27.304
4 1 true 14

550



2. Almacenamiento

Objects Properties

Objects (4) info

Permissions

C

Metrics

Copy S3 URI

Management

Access Points

Copy URL ¥ Dow

Objects are the fundamental entities stored in Amazon S3. You can use Amazon S3 inventory [ to get a list of all objects ir

Q  Find objects by prefix

3 athena/

3 intermediate/

0 mart/

o|o|go|g

3 staging/

A

Type

Folder
Folder
Folder

Folder

Last modified

Total bucket size View in Clo AWS S3
Amount of data in bytes stored in this bucket.
76.3 MB
e
57.2 MB /
£ 381MB
2
19.1 M8
Total number of objects View in CloudWatch [4

Total number of objects stored in this bucket for all storage classes.

1250

1000 /_//—/

250

Count

09/28 09/30 10/02 10/04 10/06 10/08 10/10
Days

-®- AllStorageTypes




2. Almacenamiento o

QB AWS Cloud

il Data lake AWS account

Raw layer S3 bucket

' Isource

Analytics layer S3 bucket

; /source_region

Landing zone S3 bucket

Isource

/source_region
/table_name

lyear=yyyy

inorter |

/source_region

| /business_unit_a || /business_unit_b |

Iltable_name

| /business_unit_a H /business_unit_b |

| ftb_region_format | I /tb_region_format l

lyear=yyyy | /table_name II table_name |

& J
| /dt=2021-0506 ][ Jpartiion b |

| _d=yyyymmdd |[ jpartition 0 |

Ipartition_Oa

i | ffile.snappy.parquet |

/month=mm

/day=dd | Ipartition_a | I ffile_date.parquet I

| | ftable_<yyyymmmdd>_.csv | ! | ffile_date parquet | | ffile.snappy.parquet I




3. Serving y Discovery

AWS Glue > Tables

Tables

A table is the metadata definition that represents your data, including its schema. A table can be used as a source or target in a job definition.

Tables (73)

View and manage all available tables.

l Q Filter tables

l

g

O0O0OO0O0Oboooooao

Name
albums_v1
audio_files_v1
beta_access_v1

calendar

country_payment_me

country_plans_v1

email_invitations_v1

fags_v1

general_notifications_

global_permissions_v’

invitation_his

Database v |
chestmusic_staging
chestmusic_staging
chestmusic_staging
chestmusic_intermediate
chestmusic_staging
chestmusic_staging
chestmusic_staging
chestmusic_staging
chestmusic_staging
chestmusic_staging

chestmusic_intermediate

Location ¥

s3://datalake.ch
s3://datalake.ch
s3://datalake.ch
s3://datalake.ch
s3://datalake.ch
s3://datalake.ch
s3://datalake.ch
s3://datalake.ch
s3://datalake.ch

s3://datalake.ch

Classification v |
Parquet
Parquet
Parquet
Parquet
Parquet
Parquet
Parquet
Parquet
Parquet

Parquet

Last updated (UTC)
October 11, 2024 at 22:13:07

Deprecated v

View data
Table data
Table data
Table data
Table data
Table data
Table data
Table data
Table data
Table data

Table data

Add tables usii

Data quality

View data quality
View data quality
View data quality
View data quality
View data quality
View data quality
View data quality
View data quality
View data quality
View data quality

View data quality

Glue
Data
Catalog




4. Governance e

Formation

AWS Lake Formation » Data lake permissions

AWS Lake Formation X

® Too many permissions? Filter by database or table. In the navigation page, choose Databases or Tables. Then choose a database or table, and on the Actions menu,
Dashboard choose View Permissions.

¥ Data Catalog

Databases

Data lake permissions (245 loaded, more available) Revoke
Tables
Views New Q Filter permissions by property or value I 1 2 3 4 5 .. > &
Data filters
(] Principal a [ Princip... ¥ Princip... ¥ Resour... ¥ Database Vv | Table v ‘ Resource v Catalog Vv | LF-Tag ex...
Data sharing
Crawlers [ O analyticsa... IAM user arn:aws:ia... Database default - default 12976148... -
¥ Permissions O analyticsa... IAM user arn:aws:ia... Database chestmusi... - chestmusi... 12976148... -
Data lake permissions O analyticsa... IAM user arn:aws:ia... Database chestmusi... - chestmusi... 12976148... -
LF-Tags and permissions = p : .
d analyticsa... 1AM user arn:aws:ia... Database chestmusi... - chestmusi... 12976148... -
Hybrid access mode
Datalocatione (] analyticsa... IAM user arn:aws:ia... Table chestmusi... vw_roles_... vw_roles_... 12976148... -
= A O analyticsa... |AM user arn:aws:ia... Column chestmusi... vw_roles_... Included: ... 12976148... -
¥ Administration
Administrative roles and tasks 0O analyticsa... 1AM user arn:awsiia... Table chestmusi... vw_gener... vw_gener... 12976148... -
Data lake locations d analyticsa... |AM user arn:aws:ia... Column chestmusi... vw_gener... Included: ... 12976148... -
Application integration settings
O analyticsa... IAM user arn:aws:ia... Table chestmusi... vw_subscr... vw_subscr... 12976148... -

IAM Identity Center integration
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5. Transformacion y Consultas P

Data c < Query Control : X ’ Show Columns : X ’ ® emails no verificados : X ‘ + ‘ v
1 SELECT email,

Data source 2 is_email_verified
3 FROM chestmusic_intermediate.users

IAwsDataCatalog v } B vhere is_email_verified = false

Database

’ chestmusic_mart v }

Tables and views @

V
’ Q, Filter tables and views } SQL  Lna4, Col 32 3= &
Tables (0) 1 0

) ‘ Explain [2 Cancel I Clear ‘ I Create Vv (@ Reuse query results
v Views (3) 1 a . up to 60 minutes ago &
[zl proyectos : Query results Query stats
[#] shares

® Completed Time in queue: 70 ms Run time: 4.612 sec Data scanned: 10.43 KB
[#] usuarios :




6. Analytics

[os—

Business Summary Dashboard

Segment

L
Sales Trend

6 Month Forecast:
Dec 2020
624 to 28,528 Last90Days Yo

o # of orders 6 months from now

021 $3,762K 20.35%
$36,755K

Orders by State

Central Enterprise

sMB

o
- Arericen Dt
Illlllll ol

Region Segment Q4' 2020

MoM Total Orders  Yo¥ Orders
-19.45% 159,904 28.1%

Top Customers by Sakes and Profit

Morgan Suniey
sans
tatra

Qs' 2020 Q2 2020 Q1' 2020 Q4'2019
480 1,280

1,280 1,648

Sales vs Goal

MoM Orders g 91.89% ‘

6.71%

Stoe..  Mam. B
s aee

-
371K

19 Mergaa €
520%
New Voot Ufe lsir..
SIE
Gterty Maan
iy
Srucartia Fruncial
shsx Frodte Mac
o
Q¥2019 Q22019 Q12018

50 92 496

1776 y saz

Y

QuickSight

(Super-fast,
Parallel,
In-memory
Calculation
Engine)




7. Machine Learning

AMAZON SAGEMAKER CAPABILITY

Studio notebooks, and on-demand
notebook instances

RStudio on SageMaker

Data Wrangler

Feature Store

Training

Real-Time Inference

Serverless Inference

Canvas

FREE TIER USAGE PER MONTH FOR THE FIRST 2 MONTHS

250 hours of ml.t3.medium instance on Studio notebooks OR 250 hours of ml.t2 medium instance or
ml.t3.medium instance on on-demand notebook instances

250 hours of ml.t3.medium instance on RSession app AND free ml.t3.medium instance for RStudioServerPro app
25 hours of ml.m5.4xlarge instance

10 million write units, 10 million read units, 25 GB storage

50 hours of m4.xlarge or m5.xlarge instances

125 hours of m4.xlarge or m5.xlarge instances

150,000 seconds of inference duration

160 workspace instance hours/month, and up to 10 model creation requests/month, each with up to 1 million
cells/model creation request

Broad choice of
models from
leading Al
companies

Anthropic

FMs for thoughtful dialogue, content creation,
complex reasoning, creative writing, and coding,
trained with Constitutional Al

Mistral Al

Models with publicly available weights supporting
a variety of use cases from text summarization,
text classification, and text completion to code
generation and code completion.

Al21 Labs

Instruction-following FMs built for the enterprise
that perform a range of tasks including text
generation, question answering, summarization,
and more.

Cohere

Text-generation and representation models to
generate text, summarize, search, cluster, classify,
and use RAG.

Stability Al

Image-generation models that produce unique,
realistic, and high-quality visuals, art, logos, and
designs.

SageMaker Bedrock

Amazon

A family of FMs for text and image generation,
summarization, classification, open-ended Q&A,
information extraction, and text or image search.

Meta

Models ideal for dialogue use cases and natural
language tasks like Q&A and reading
comprehension.




Lucas Trubiano ’ CD

Santander
Tecnologia

BBVA

Consultor y Profesor en Ingenieria de Datos
Data Engineer - Fintech & Banking tJeaglﬁz
Ing. en Mecatronica UNCUYO

13t

#Python #AWS #BigData #Finance
#Latam #Spain #USA

m /in/lucastrubiano /lucastrubiano /lucastrubiano E @lucastrubiano



https://www.linkedin.com/in/lucastrubiano/
https://www.instagram.com/lucastrubiano/
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https://github.com/lucastrubiano
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i Muchas Gracias!

Preguntas



