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El Big Bang del Big Data

Volumen estimado de datos digitales creados
o replicados en todo el mundo, en zetabytes

181
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Un zetabyte equivale a mil millones de gigabytes.
* Previsién de marzo de 2021.

Fuentes: IDC, Seagate, Statista
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La creacion de datos, a punto de explotar
Cantidad real y prevista de datos generados en todo el mundo (en zettabytes)

2.142

1 zettabyte equivale a
1.000 mill. terabytes.
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Los datos son el nuevo petroleo

Las empresas con mayor capitalizacion bursatil del mundo

2018

ExxonMobil Apple
General Electric Amazon
Microsoft Alphabet
Microsoft

Facebook |'sétses
Alibaba |féssaes

| Energia/Petrolec I Conglomerado | Servicios financieros [ Tecnologia / Internet

Fuente: Statista
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cCuantas horas al dia
pasamos en internet?

Tiempo promedio de uso diario de internet
en paises seleccionados (en horas y minutos)

Sudafrica &
Brasil &
Argentina &
Colombia g
Chile §
México (°)
EE.UU. &
Espafia &
China @

Japén @

Global %3 6:37

Encuesta a usuarios de internet de 16 a 64 afos. Datos del tercer trimestre de 2022.
Fuente: GWI via DataReportal
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Objetivos

Evolucion

Ventajasy
Desventajas Cloud Computing

Desafios

:Cémo hacer $$?

Data Centers
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Grandes hitos del Internet
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Soluciones Big Data

4
|
HDFS
(Hadoop Distributed MapReduce
File System)
4 &
Takes care of storing and Process the data which is
managing the data in Hadoop present within HDFS

Cluster



HDFS Architecture
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Advantages

Improved “, Flexibility and # Enhanced
Security Scalability Performance
Low
¢’ Increased [ Expanded $ Cost Latency
Reliability Storage effectiveness
Distributed Computing
§ Maintenance €9 Component & Bandwidth
Fees Failure Restrictions g Systems
Complexity
#% Development «a Slow Network ? Issues with
Obstacles Transfers Standardization

Disdvantages



Ventajas

Ease of use

Use AWS EC2 to configure an application

[ Scalability |

Amazon Elastic Container
Service (ECS) can be used to
automate the scalability
process.

[End-to-end security]

Amazon Virtual Private Cloud
(VPC) can create a private
virtual network to secure access
to your IT environment.

With Amazon Elastic Kubernetes Service
(EKS), you can detect and replace faulty
control plane nodes automatically.

capacity with minimal effort quickly.

"""""

Reliability

[ Cost-effective }

With Amazon Relational
Database Service (RDS)
automated backups, you can
eliminate the costs associated
with manual backups.

[ Flexibility

Amazon WorkSpaces facilitates
collaboration between all team
members on shared projects.



Pros and Cons of Cloud Computing

Lower the
Infrastructure Price

T
" Eupena 1 Resoures

Environment Friendly

Expand IT Resources

Reliability

Data Control

II

N\

 { | Data Backup & Recovery

:

Operating from Cloud
. On-Premises J
Cloud specialized skills

Downtime

Restricted Control

Rigid Contracts

Limited Control of

Infrastructure




Desafios

)

Data Security and
Compliance Risks

-

No Internal Capacity
to Perform the Cloud
Migration

i

7D

Data Transfer and
Bandwidth Limitations

=5

Cost Management
and Budgeting

=N

Migration
Complexities

Cultural Resistance

to Change

@

Wrong Cloud
Migration Strategy

H=:

Application
Compatibility

[l B |

S5

Legacy Systems
Migration



Desafios

Protocolo de red personalizado

AWS DataSync emplea un protocolo de transferencia diseniado por AWS, desacoplado del protocolo de almacenamiento, para acelerar el
movimiento de datos. El protocolo lleva a cabo optimizaciones sobre como, dénde y qué datos se envian en la red. Las optimizaciones de
red realizadas por DataSync incluyen transferencias incrementales, compresion en linea y deteccion de archivos dispersos, como asi
también la validacion y el cifrado de datos en linea.

Las conexiones entre el agente local de DataSync y los componentes de servicio en la nube estan en archivos de multiprocesos que

potencian el rendimiento sobre una red de area amplia (WAN). Una sola tarea de DataSync es capaz de utilizar completamente] 10 Gbps a

través de un enlace de red entre su entorno en las instalaciones y AWS.

Varios anos



Desafios

What is AWS Showmobile?

AWS Snowmobile is a 45-foot rugged shipping container that's typically hauled by a semi-trailer
truck. It is used to transfer huge volumes of data (up to 100PB) to AWS. The AWS Snowmobile comes
in handy when moving entire data centers, video libraries, image repositories, or other types of
huge data that needs to be migrated to AWS. Before the introduction of AWS Snowmobile, clients

would need years to migrate their data which was painfully slow and expensive.




Estrategias de Migracion
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Reubicar
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Instalar Configurar Desplegar

3 0 Automatizar 1

Manual
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Migration Paths

' _ Lift and shift
Host on Amazon EC2
Rehost
Hypervisor-level lift and shift
» Relocate infrastructure to VMware
Determine Relosate Cloud on AWS
Discover
' Lift and reshape
J—lﬁ » For example, migrate to Amazon RDS for
e, ' Oracle or Amazon RDS for SQL Server
. 5 v Replatform
|
................................. M
o— o ‘t. A Drop and shop
primize > » For example, migrate your existing
Repurchase data to a new Saas$ application
Retire Re-architect
KD » _ Make truly cloud-native by using
*"'" purpose-built databases like Amazon
Refactor

Grow Aurora and Amazon DynamoDB



:Coémo hacer $$?

:APRENDIENDO
A RESOLVER
LOS DESAFIOS!
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